
Managed behavioral health care organizations
(MBHOs) are responsible to their customers
and enrollees to ensure that psychotherapy

services meet accepted standards of quality and effec-
tiveness. To this end, MBHOs engage in a variety of cre-
dentialing and quality-improvement activities. With
respect to credentials, typical MBHOs (1) verify that
participating therapists have valid licenses to provide
behavioral health services, (2) specify a minimum num-
ber of years of experience, and (3) require that there be
no evidence of malpractice. To ensure quality, most
MBHOs encourage the use of empirically supported
treatments established in psychotherapy clinical tri-
als.1,2 Under these standards, MBHO care managers

review treatment plans submitted by qualified thera-
pists and approve only those deemed appropriate. Thus,
quality assurance in most MBHOs is to determine the
following: the ability of the licensed therapist to propose
a treatment plan to a care manager that involves an
empirically supported treatment for a specified disorder.

However, advances in research methodology have
enabled researchers to more critically examine the
accumulating clinical evidence upon which these quali-
ty assurance standards are based. One advancement is
that of meta-analysis, which is a statistical method for
combining results from a large number of studies and
thereby permitting the investigator to draw conclusions
that could not be drawn from individual studies.3 A sec-
ond advancement is that of hierarchical linear model-
ing, which is an extension of multiple regression and
allows for analysis of data that are hierarchical.4

Recent reviews of clinical trials based on these
advancements have indicated that the commonly uti-
lized quality assurance standards may no longer be ade-
quate.The past 2 decades of meta-analytic studies have
revealed that differences in the relative efficacy of vari-
ous psychotherapies are minimal at most.5-9 Therefore,
treatment plans based on empirically supported treat-
ments for specified disorders do not ensure that the pro-
posed treatment will be more effective than other
treatments.

One could certainly argue that although treatment
plans based on empirically supported treatments do not
ensure the most effective treatment, this approach at
least ensures that the treatment being delivered is at an
acceptable standard. Despite its logical appeal, this
assertion holds true only if (1) therapists are sufficient-
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ly trained to provide an empirically supported treat-
ment for the specific disorder, (2) therapists do deliver
the treatment that they proposed, and (3) all therapists
deliver these treatments with equal competence.
Supposedly, the therapists’ credentials speak to the first
issue, whereas the therapists’ performance with regard
to the second issue is almost impossible for an MBHO to
determine. 

However, data from clinical trials do speak to the
third issue: the assumption of equal competence.
Reanalysis of past clinical trial data, as well as a number
of more recent studies, reveal that there is a consider-
able amount of variability in outcomes across individual
therapists, even in well-controlled clinical trials.8,10-18

This variability is far from trivial.18 Furthermore, even
the most well-controlled and well-executed clinical trial
to date, the National Institute of Mental Health
Treatment of Depression Collaborative Research Pro-
gram, found that the variance due to therapist far
exceeded that of the treatment.15 Therefore, variability
among therapists has become one of the most critical
areas of psychotherapy research.

It is beyond the scope of this article to review the
broad area of research on what may contribute to this
variability in therapist outcomes. However, a recent
comprehensive review of the literature in this area
arrived at the conclusion that readily measurable ther-
apist variables such as age, sex, race, years of training,
and type of degree explain little of the variance in out-
comes.19 Although research on inferred therapist traits,
such as interpersonal style and the role of the thera-
peutic relationship, showed more promises in explain-
ing treatment outcomes, evidence is too scant to
warrant any conclusion.19,20 If quality includes a domain
of clinical outcomes, then quality assurance initiatives
that ignore this variability in outcomes at the clinician
level are unlikely to improve quality as promised. 

PacifiCare Behavioral Health, Inc (PBH) differs from
other national MBHOs with regard to how patient self-
report outcome questionnaires are used as a critical
component of its comprehensive quality-improvement
program. PBH encourages its panel of psychotherapy
providers to administer the outcome questionnaires at
regular intervals in treatment to as many patients as
possible. The PBH outcome data provide a unique
opportunity to investigate this variability among thera-
pist outcomes and its practical importance for behav-
ioral health care management.21

PBH developed its ALERT clinical information sys-
tem to help care managers and clinicians monitor and
manage clinical outcomes. The first 3 authors (GSB,
MJL, ERJ) participated in the development of the sys-
tem, which was first implemented by PBH in 1999. The

current study analyzed the outcome data contained in
the ALERT system to investigate the stability of this
variability in therapist outcomes. In addition, the prac-
tical implications of this variability are discussed in
light of quality improvement in an MBHO environment.

METHODS

Sample Description
The ALERT database contains outcomes data for

69 503 unique patients (79 748 episodes of care) who
initiated treatment during the period from January
1999 through June 2004. Of these, 46 052 were treated
by 1 of 5834 psychotherapists in private practice.
Patients treated at a multidisciplinary group practice
are excluded from this count and from subsequent
analyses because the available dataset does not permit
us to identify the treating clinician. The 46 052 patients
treated by an individually identifiable clinician will be
referred to as the total sample. 

A subset of 281 therapists was selected for inclusion
in this study based on their having a sample of at least
15 cases with change scores between January 1999 and
December 2002 and at least 5 cases in the subsequent
cross-validation period between January 2002 and June
2004. These clinicians treated a total of 10 812 patients
(study sample) during the study period. This number
constitutes 23.5% of the total sample. 

Overall, the study sample was highly comparable to
the total sample with respect to diagnoses and test
scores. Table 1 provides the breakdown by diagnostic
groups. It should be noted that diagnostic data, which
was obtained from the Provider Assessment Report, was
only available for 33% of this sample. 

Likewise, the study sample was comparable to the
total patient sample with regard to sex and age. As is
typical of outpatient treatment samples, approximate-
ly two thirds were female (63.5% in study sample;
64.5% in total sample), and juveniles under the age of
18 years comprised a quarter of the sample. Test
scores at intake and change scores during treatment
also were comparable between the study sample and
total sample. Space limitations do not permit the use
of tables to present this data, but these tables are avail-
able upon request. 

The therapists in the study sample were comparable
to the total sample of therapists with regards to age and
years of experience. The mean age of the therapists in
the study sample was 55 years (SD = 7 years), compared
with 54 years (SD = 8 years) for the total sample. The
therapists in the study sample had a mean of 22 years
(SD = 7 years) of postlicensure experience, compared
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with 22 years (SD = 8 years) for the total sample.
Female therapists comprised 70% of the study sample,
compared with 63% of the total sample. With regard to
licensure type, marriage and family therapists were dis-
proportionately present in the study sample, comprising
48% of the study sample compared with 28% of the total
sample of therapists. The percentage of psychologists,
social workers, and other licensed mental health profes-
sions was lower in the study sample. The reason for this
disproportionate representation is unclear, unless mar-
riage and family therapists as a whole are more inclined
than other professions to use outcome measures.

Outcome Measures
The ALERT system uses 2 outcome measures: the

Life Status Questionnaire (LSQ) for adults and Youth
Life Status Questionnaire (YLSQ) for children and ado-
lescents.22-25 The YLSQ can be completed either by a
parent or a guardian for younger children, or by adoles-
cents on their own. In the remainder of the article, the
abbreviation Y/LSQ will be used when referring to both
measures simultaneously.

The majority of items on these measures inquire
about psychiatric symptoms (primarily symptoms of
anxiety and depression), while a subset of items also
inquire about interpersonal relationships and function-
ing in daily activities. The items ask patients to indi-
cate how often the statement is true for them over the
past week, responding on a 5-point Likert scale with
anchors ranging from “never” to “almost always” (val-
ues scored as 0 to 4). Higher scores indicate greater

severity of symptoms, subjective distress, and/or
impaired functioning.

The outcome measures demonstrate excellent psy-
chometric properties, with a Cronbach’s alpha of .93
and higher. The measures also have consistently high
correlations with other well-established self-report
questionnaires widely used in psychotherapy re-
search.22,23 Both the LSQ and YLSQ have been admin-
istered to large samples of patients in treatment
(clinical sample) and individuals not seeking clinical
services (community sample). These samples provide
normative information on the means and standard
deviations of the clinical and community samples,
which were used to calculate clinical cutoff scores
using the method recommended by Jacobson and
Truax.26 Scores at or above the clinical cutoff are deter-
mined as more characteristic of individuals seeking
behavioral health services.

Data Collection and Clinical Feedback
Therapists are asked to administer the questionnaires

at sessions 1, 3, and 5 and every fifth session thereafter.
Completed Y/LSQs are faxed to a central toll-free num-
ber, where optical mark recognition software is used to
read the data from the completed form. These files are
then uploaded to the ALERT system, which scores the
questionnaires, calculates the rate of each patient’s
change compared with normative expectations, and
checks for values on critical items (eg, self-harm, sub-
stance abuse).27-30 The system also evaluates data ob-
tained from the clinician such as the patient’s diagnosis.

Identifying Effective Psychotherapists
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Table 1. Breakdown of Diagnoses by Samples and Age Groups

Study Sample, % Total Sample, %

Diagnostic Groups Adults Adolescents Children Adults Adolescents Children

Attention deficit/hyperactivity disorder 0.4 6.6 15.3 0.5 6.5 17.1

Adjustment disorders 32.8 24.8 27.8 28.3 23.3 31.2

Anxiety disorders 11.8 7.9 13.5 12.1 7.9 11.5

Behavior disorders 0.5 8.4 10.0 0.5 7.2 10.2

Bipolar disorder 2.8 2.7 1.0 3.6 3.2 1.2

Depression (including dysthymia) 44.5 41.0 17.6 47.1 43.3 15.1

Posttraumatic stress disorder 2.2 2.6 4.8 2.3 2.1 3.5

Personality disorders 2.5 3.5 6.6 2.8 3.7 7.4

Psychotic disorders 0.2 0.6 0.0 0.4 0.3 0.1

Substance abuse disorders 1.0 1.0 0.2 1.2 1.2 0.2

Other diagnoses 1.4 0.9 3.5 1.2 1.3 2.5



The ALERT system notifies therapists via regular mail
regarding cases with high-risk indicators, drawing the
therapist’s attention to the test scores and critical items,
and offers to authorize more sessions as needed.30

Therapists also are notified of cases with good outcomes,
as evidenced by test scores within the normal range. On
a quarterly basis, therapists are provided summary data
on all of their cases within the past 36 months.

Therapists are given no financial incentives to use
the outcome questionnaires. However, in late 2002, the
system was enhanced so that submission of completed
outcome questionnaires resulted in an automatic
authorization for additional sessions for the particular
case. Authorization is granted regardless of the test
scores or the responses on the critical items (eg, suici-
dal ideation), and this provides some incentive for clini-
cians to submit data. 

Study Design
The design of this study utilizes a cross-validation

strategy. Specifically, therapists’ outcomes for patients
initiating treatment between January 1999 and De-
cember 2002 were used as the baseline. This baseline
period corresponds to the period prior to implementing
the automated authorization process. The therapist out-
comes in the following period between January 2003
and June 2004 were used for cross-validation.

For the purpose of this study, a treatment episode
was defined as a period of consecutive administration of
the Y/LSQs with no intervals between administrations
more than 90 days. Therefore, if more than 90 days has
elapsed between 2 Y/LSQ scores, the former adminis-
tration is considered to be the posttreatment score of an
episode, and the latter administration is considered to
be the intake score of a new episode. 

The choice of a maximum lapse of 90 days between
measurements to define an episode is of course to
some extent arbitrary, although we chose this interval
because it reasonably fit our collective experiences as
clinicians. Different time lapses were tested, including a
180-day period. This resulted in a small decrease in the
number of episodes, but otherwise no meaningful differ-
ence in the assessment of change. 

To ensure independence of observations, a case was
defined as the patient’s first treatment episode with at
least 2 Y/LSQ scores under a single therapist. This
means that for patients treated multiple times, only their
first episode was included in the analysis. Cases with
only 1 Y/LSQ score for an episode also were excluded
because calculation of the change score requires at least
2 measurements. Finally, cases with outcome data sub-
mitted by more than 1 clinician with overlapping dates
of service were excluded because of the difficulty of

assigning the outcome to more than 1 clinician. 
This method resulted in the inclusion of 281 thera-

pists treating 10 812 patients. The average number of
cases per therapist during the baseline period was 26.5
(SD = 12.4) with a median of 22 and a range of 15 to 78.
During the cross-validation period, the average number
of cases per therapist was 12.0 (SD = 8.2) with a medi-
an of 10 and a range of 5 to 73.

Therapist outcome was determined by the therapists’
average residualized change score on the Y/LSQ rather
than the average raw score difference between the
intake and posttreatment Y/LSQ. This was done so that
differences in the types of patients seen among different
therapists (ie, case mix) did not confound the thera-
pists’ average outcomes.

Case mix was controlled using a multiple regression
model. The residualized change score for each patient
was calculated as the difference between the predicted
final score (based on the case mix model) and the actu-
al final score. Thus, if a patient’s residualized score was
greater than 0, that indicated that the patient improved
more than what would be expected based on the partic-
ular case mix. Specifically, the following case mix vari-
ables were controlled for: intake score, age group (child,
adolescent, adult), sex, diagnostic group (8 groupings
based on the Diagnostic and Statistical Manual of
Mental Disorders, Fourth Edition [DSM-IV] diagnostic
code), and session number of the first assessment in the
treatment episodes. Use of the session number when
the Y/LSQ was first administered as a predictor controls
for failure to collect a baseline score at the first session. 

The intake score proved to be the strongest predictor
of the test score at the end of the treatment, accounting
for approximately 49% of the variance in the final
scores. It is important to control for this variable
because patients with high intake scores average more
change than patients with low scores. This is in part due
to regression to the mean, but the change observed with
the Y/LSQ data exceeds what is expected from this sta-
tistical artifact. The other case mix variables also were
predictive of outcomes, even after controlling for intake
score, and thus were included as well. However, the other
case mix variables (diagnosis, age, sex) only explained an
additional 2% of the variance in combination. 

Outcomes were assessed based on intent to treat
rather than using predetermined criteria for treatment
completion. In other words, all cases with intake and
posttreatment scores were included in the evaluation of
effectiveness, even if the patient left treatment after as
few as 3 sessions. This was done to provide a conserva-
tive estimate of the therapists’ effectiveness, rather than
overestimating outcomes by assessing effectiveness
based only on “successfully completed” cases.
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The therapists included in the
study were rank-ordered based on
their residualized change scores
during the baseline period, and they
were classified as either highly effec-
tive or other. Based on the rankings,
71 therapists (25%) were classified
as highly effective by averaging a
residualized change score of 2.8 or
greater. Therapist outcomes then
were cross-validated using their sep-
arate sample of cases between
January 2003 and June 2004.

RESULTS

Table 2 presents the intake and
posttreatment scores during the
baseline period, broken out by ther-
apist group (ie, highly effective and others). During the
baseline period, there were statistically significant dif-
ferences in the residualized change scores as expect-
ed. The highly effective therapists averaged over
3-fold as much change per case based on raw scores (P
< .001) and averaged a difference of 5.9 points in mean
residualized change scores (P < .001) compared with
the other therapists. The number of days between first
and last test administration was similar, though the
highly effective group averaged 5 days longer. 

Table 3 provides the results obtained during the
cross-validation period. As expected, the difference
between the highly effective clinicians and the rest of the
sample decreased at cross-validation due to regression
toward the mean, but the remaining
difference was substantial. The
highly effective group continued to
average greater change, with a dif-
ference of 2.8 points in the mean
residualized change score (P < .001)
compared with the other therapists.

To examine therapist outcomes
for patients that would be deemed
similar to those observed in clinical
trials, analysis of the differences
between the 2 groups of therapists
was restricted to patients with
intake scores above the clinical cut-
off. Table 4 provides the results for
this restricted sample. 

Consistent with the previous
analysis, the highly effective thera-
pists averaged significantly better

outcomes with patients above the clinical cutoff than
the other therapists did, resulting in a difference of 2.7
points in the mean residualized change score (P < .001).
This demonstrated that the impact of therapist effec-
tiveness remained robust even among cases with
greater acuity.

DISCUSSION AND CONCLUSIONS

The purpose of this study was to assess the variabili-
ty and stability of therapist outcomes. The results pro-
vide evidence that therapists in an MBHO environment
vary substantially in their patient outcomes, and that
these differences are robust.

Identifying Effective Psychotherapists
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Table 3. Cross-validation Sample: 2003 Through June 2004

Highly 
Effective Other

Therapists Therapists
Sample  Characteristics (n = 71) (n = 210) Difference P

Total number of cases 940 2432

Mean number of episodes 13.2 11.6
per therapist

Mean intake score (SD) 48.2 (17.8) 49.5 (17.3) −1.3 <.05

Mean change score (SD) 6.9 (13.4) 4.5 (13.9) 2.4 <.001

Mean residualized change 2.4 (12.4) −0.4 (12.5) 2.8 <.001
score (SD)

Mean number of days in 71.0 67.1 3.9 >.1
treatment episode (first to 
last administration)

Table 2. Baseline Sample: 1999 through 2002

Highly
Effective Other

Therapists Therapists
Sample Characteristics (n = 71) (n = 210) Difference P

Total number of cases 1800 5640

Mean number of cases per therapist 25.4 26.9

Mean intake score (SD) 50.0 (18.4) 49.8 (18.2) 0.2 >.75

Mean change score (SD) 10.0 (15.0) 3.0 (13.5) 7.0 <.001

Mean residualized change 4.9 (13.3) −1.0 (−12.4) 5.9 <.001
score (SD)

Mean number of days in treatment 70.6 65.0 5.5 <.01
episode (first to last administration)



Limitations
As with any study, limitations need to be taken into

account when interpreting these results. Although well-
known case mix variables were controlled for, it is
always possible that other unknown variables could
substantially influence therapist outcomes. Regardless
of the complexity or completeness of the case mix
model, without random assignment of clients to thera-
pists, it is a logical impossibility to rule out the potential
impact of other unmeasured case mix variables.
However, just as it seems unlikely that the case mix
adjustment model is fully adequate to account for
patient differences, it is equally unlikely that all of ther-
apist differences reported in this study are due to unde-
tected differences in case mix, especially in light of the
substantial body of published research pointing to the
existence of clinician effects in controlled trials. 

It is possible that the patient outcomes of a single
therapist may vary significantly across different diag-
noses, age groups, or some other patient characteristic.
The present study did not explore this question in
greater detail because of problems of cell size.
Disaggregating the treatment sample into the various
diagnosis groups would have meant that the sample
sizes within the multiple cells for each therapist would
be only a few cases. It is logical to assume that certain
diagnoses may pose particular challenges and are best
treated by a specialist, and it does appear likely that cli-
nician effectiveness would vary at least across age
groups. Clinician effectiveness with adults cannot be
expected to necessarily translate into effectiveness with
adolescents or young children. 

These and related questions of therapist variability
across patient types and/or treatment methods will be
investigated in future studies. The problem of cell sizes

will decrease going forward
because of the continued rapid
accumulation of data.

A potential bias in the data
collection process relates to
the automatic authorization
process. The rate of clinician
participation and Y/LSQ sub-
missions had increased steadily
between 1999 and 2002, but
the implementation of the auto-
matic authorization of addition-
al sessions in late 2002 resulted
in a dramatic increase in Y/LSQ
submissions. Therefore, there is
a probability that the change in
the system may have biased the
results in unknown ways. In

addition, as would be expected in such a large system of
care, there was significant variability in the rate of
compliance with the data collection protocol, both at
the therapist and patient levels. Not surprisingly, con-
sistency of collection at the patient level covaried with
the consistency of the therapist, confirming the com-
monsense view that the therapists have a large impact
on the likelihood that the patient will complete the
questionnaire.

Thus, this variability in compliance also may have
influenced the results in unknown ways. Failure to com-
plete an assessment within the first 2 sessions resulted
in capturing slightly less change over the treatment
episode, but this artifact was adjusted for in the case mix
model used. Beyond that artifact, there was not evidence
that outcomes varied systematically with compliance. It
was true that the highly effective clinicians had larger
sample sizes, but analysis of claims data confirmed that
this was because these clinicians treated a disproportion-
ate number of the patients in the sample. Still, the possi-
bility that some clinicians were selectively submitting
forms for patients with good outcomes can’t be ruled out.
Furthermore, the effects of providing therapists with
feedback could not be assessed with these data.31,32

Undeniably, patient self-report measures provide
only a single perspective, which is that of the patient. It
is therefore likely that use of other perspectives such as
outcomes measured by the therapists might have yield-
ed different results. Therapist-rated measures are
known to show more change than patient self-report
measures.33 However, use of therapists’ assessment of
their own effectiveness poses obvious problems with
regards to potential for bias.

Some may argue that use of more objective but
time- and labor-intensive measures (eg, school or work
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Table 4. Cross-validation Sample: Clinical Range Only 

Highly
Effective Other

Therapists Therapists
Sample Characteristics (n = 71) (n = 210) Difference P

Total number of cases 641 1742

Mean number of episodes per therapist 9.0 8.3

Mean intake score (SD) 57.0 (13.4) 57.4 (13.3) −0.4 >.5

Mean change score (SD) 9.9 (13.4) 6.9 (13.7) 3.0 <.001

Mean residualized change score (SD) 2.1 (12.9) −0.6 (12.8) 2.7 <.001

Mean number of days in treatment 70.9 68.0 2.9 >.3
episode (first to last administration)



attendance/performance) or batteries of measures
looking at outcomes from multiple perspectives would
yield more reliable assessments of outcome. On the
opposite end of the spectrum, others may argue for
implementing low-cost customer satisfaction surveys
as outcome measures.34 However, it is unlikely that
either of these approaches to assessment is appropri-
ate to assess real-time patient progress in psychother-
apy, compared with outcome questionnaires that were
specifically designed for its purpose.35-39 Although it is
ideal to obtain multiple measures of outcome so as to
decrease sources of measurement bias, time pressures
of a real-world practice make this problematic. Thus,
brief patient self-report measures that are easy to
administer and score were chosen. Self-report ques-
tionnaires also have the benefit of not burdening the
therapists with extra paperwork to complete, while
potentially providing the therapists with clinical infor-
mation otherwise not obtained. 

Lastly, the current study provided no insight into
what treatments were delivered by the therapists in
both groups and how the treatments were delivered.
Such information was beyond the scope of the available
data. To this point, the importance of conducting clin-
ical trials to empirically support treatments should not
be dismissed, as potential causal effects of treatment
can be determined only through experimental
designs.40,41 Therefore, to claim that this study provides
support for discontinuing or devaluing empirically sup-
ported treatments would be a gross misinterpretation. 

In summary, there are a number of limitations to
this study arising from the naturalistic nature of the
data and the inherent measurement error in any
attempt to measure a construct as broad as “treatment
outcome.” Clearly, measurement efforts across such a
large system of care involving thousands of clinicians
pose many challenges for both collection and interpre-
tation of the data that are avoided entirely in a well-
designed clinical trial with random assignment.
Therefore, the information culled from the data must be
used cautiously, with all consideration for unknown
sources of measurement error while simultaneously
bearing in mind that there also is a risk to the patients if
the data are not used for quality-improvement purposes. 

Implications
Despite the limitations of this study, the magnitude

of differences in outcome among the therapists is suffi-
ciently large to lend credence to the proposition those
outcomes could be improved by focusing on these dif-
ferences. With therapists differing significantly in their
effectiveness, the patients are best served if the MBHO
can identify and refer to effective therapists.42,43

The role of the MBHO in the outcomes-informed
environment is still evolving. What responsibility, if
any, do MBHOs have with regards to offering consulta-
tion to its provider networks on how to improve out-
comes? Some providers may welcome such an offer,
while others may reject it as unwarranted intrusion
into the patient-therapist relationship. At the very
least, MBHOs have a responsibility to the therapists to
provide feedback on their outcomes, while pursuing
policy for publishing the outcomes for subscriber
access and encouraging further analysis of the data by
independent investigators. 

The outcome data are important to effective
providers because these data permit them to make a
strong case for the value of their services. MBHOs in
the future may be valued more for their ability to steer
patients to therapists with demonstrated records of
effectiveness than their current strategy of cost con-
tainment and utilization management. 

These results also demonstrate the practical utility
and benefits of utilizing patient self-report outcome
data as part of a quality-improvement program. Direct
measure of patients’ outcomes has a greater probabili-
ty of leading to improved outcomes than more com-
monly used quality-improvement methods that focus
on the method of treatment or other process variables.
The data presented in this article speak to feasibility of
implementing a system of quality improvement based
on use of patient self-report outcome questionnaires to
identify highly effective therapists. 
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